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EEESEEIENAKT KX, HEBER7TFENARMEENEEFSI8EN. A
m, BT KESEEAINE, #Kﬁ‘éi%?%ﬂ?&':i (Reasoning) #é
INEIRMEIE, BIEHEIE. RS, EidRAl (Demonstrations) “m%ﬂﬁﬁmh
SRR EmM AR, ﬁﬁ@mrﬁt ERIZE R Z AR BRI
TB, JUURERAEHGEHEEIS LRI, XA EEIRANEEERR
(Chain-of-Thought Prompting) [1].

FtERE, EXEFRESZEEENY, REESERETUUENERIFA#E (Planning)
Be/]. BTSSR EREEXMINRA DR AZ IR ABEENFE#E, AEE—R
RXEF A, AFRBEBHEZRES, XMEREERAIBRVESZIZER (Least-
to-Most Prompting) [2]. B4ERAIBAVEZRA XML, JLURF
NESRBEATHEIENLK B
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BUER7R (Chain-of-Thought Prompting) AXNAE 1.1 s, fvEDHER
i/~ (StandardFew-shot Prompting) SARTEERERVEIAEmERT k 1N[e]
A, ERIX, UKSaeE, AREmEHESE,

REVHEFRT BHHHRTR
/( REUAAN g /{ WRMAN ~
Q: Roger has 5 tennis balls. He buys 2 more cans of Q: Roger has 5 tennis balls. He buys 2 more cans of
tennis balls. Each can has 3 tennis balls. How many tennis balls. Each can has 3 tennis balls. How many
tennis balls does he have now? tennis balls does he have now?
A: The answer is 11. A Roger started with 5 balls. 2 cans of 3 tennis balls

gach is 6 tennis balls. 5 + 6 = 11. The answer is 11.
Q: The cafeteria had 23 apples. If they used 20 to

make lunch and bought 6 more, how many apples Q: The cafeteria had 23 apples. If they used 20 to
do they have? make lunch and bought 6 more, how many apples
% do they have?

[A: The answer is 27. x

k answer |59 ~/
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HENERESE RGN, AXBEEMRTSEEXAS N ERZERNFES/
Fa@, HZE—RREN], SARZEENTRGEER. XM M EBEA
FIES 3% (Task Decomposition) g8, EFXFA@ABERAERE, ARAR
IEEH THIESIES (Least-to-Most Prompting) 5i%. X5 A EFIFE
KIESEREAGAIKIEEN, BEMIRSEA—RFBFRBmARREREA].

DOEZIEMENE.2 i, EEEESWIMNE: RSN EZSHERT
Rk EL, RSN ERT, RENBASRk [JRRAER, Fa@5I5R] iIHE
&, UKRENNNRRAR, EEFSERFREMERT, RERNmABEk[RE
A&, mx (FER, FEF) 1 tH, LIRENNRIR A= 52 R F

AR,
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Q: It takes Amy 4 minutes to climb to the top
of a slide. It takes her 1 minute to slide down.
The water slide closes in 15 minutes. How
many times can she slide before it closes?

A: To solve “How many times
can she slide before it
closes?", we need to first
solve: "How long does each
trip take?”
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It takes Amy 4 minutes to climb to the top of a
slide, Il lakes her 1 minule lu slide duwn, The
slide closes in 15 minutes.

Q: How long does each trip take?

It takes Amy 4 minutes to climb to the top c-h
a slide. It takes her 1 minute to slide down.
The slide closes in 15 minutes.

Q: How long does each trip take?

A: It takes Amy 4 minutes to climb and 1
minute to slide down. 4 + 1 = 5. So each trip
takes § minutes.

A: It takes Amy 4 minutes to
climb and 1 minute to slide
down. 4 + 1 = 5. So each trip
takes 5 minutes.

A: The water slide closes in
15 minutes. Each trip takes 5
minutes. So Amy can slide
15+ 5 = 3 times before it
closes.

Q: How many times can she slide before it
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ChatGPT FrESHIERAI], fESEKRSHIFREREFNHOpenAl 1I2{HAIAPI
BRAE R AE T RESERENNAEER. Am, BIEXIESHEERIEBEE
BE, DEERAXENERNHRIIE, BFEAPI k. XHZE. SEFES.

A TRERXNERR, M2022FFHR, SaHEMN ARGEeEN 7 KREHFRNE,
BARRECNREREFXESEREN I iRNBRERFHRE, HPRAZEBHNE
LangChain #EzZE,

LangChaintEZRE—H RN ESRENENTFASH MM ARNFRIESRE, 57
HEMXESEAENBREREREO, BHUXNEESEENANAAEE. LA
MEIERAIFIAERE, e EESEESHMFIRREEESR, HRIFESE
ASHINMSHITRE.
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{EFLangChain {EZRRIZI0 B2 EES M AESIRE ((1ChatGPT, LLaMA %) FN5MERERIR (30
Google, Wikipedia, Notion }Wolfram &) , 12tmsBEFTEUAEN AR E 2 a7
O,

KESHREMAMET "8 (Chain) " &R, HEARARTUREFRFEERFFNBRER.
LangChain BOEZMMEARIELA T LA TH.

(1) BfHE: LangChain EZREM T ATRERNESERETMRAN, LIRS MREMHN—FRIISSH. XL
AEESERRMORT, ZTER, TeREEALangChain fE2RIVEMEERD, &FJLASEIBERIXEA.

(2) MpkEIEETLEASS: LangChain fESRRM Y —LMpAYETVAS, AT ENSRIES. XL A5
VARFEEBANIZEENSE. MTESRINARER, LangChain B2 137158 E NI B RN H =TT
RYsEVAR%S,

(3) BUHAEE: BIREAHCAINARMEIIES, LangChain EZRATLIKKEH KESEEN BRI A
ME. AAXARAUEEEFTWSZE, MMzt KER BB ERERAET.

11



M LangChain {EZ2 MR ER

LangChain 12t T LAT6 fFtrEd. I BaviEO, FERILAINREER
- EEUG N/ (Model 1/0) , SXIESEREIARZEREO;
- 9% (Retrieval) , S ENARERINEIEHITRZENEO;

« & (Chain) , BFEZNBRERRS;
- 1212 (Memory) , BFEENZREITZERFAUWNARRRIRE;

HrelR (Agent) , IESERENF/UHEERRREEZNITHIENERS;
- [EE (Callback) , FFICRMRIVERH I ERAFELZE
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LangChain FRIEESERA /S (Model 1/0) RRESEFMNESEEHITRKE

REAEH, RRESERENBIROITR. ZERRIIEARTRIZWNEN .3 s, &

BELATERS: Prompts, Language Models K Output Parsers, FARRIBHIA
”*IIITWJL_?‘}QE‘S, REMAXKESERE, BRIEXNESREANREIER AT

5=gl

i Ek

Output Parsers

BEFANIE,
Prompts Language Models
x="foo", y="bar"
="foo", y="bar" \
"Foo does ..."
*Daoes {x} Ilke {y}, and ,,‘\ Chat
Model

"Does {x} like {y}, and
why"

1.3: LangChaintsBUg \ /4 tHEAS 7R

HDO

{

}

"likes": True,
"reason”: "Because .."
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T KESRENAHEEFERAAFEENEE, XLHTEAEREIEGEN—EDD.
=HRIX—FSNEESZEBIT M RERS M Retrieval Augmented Generation

(RAG), LangChain Zi#Ei%E# (Data connection) =RHEE LI NGB GX
&k, iR, FEMNEEEYE: Document loaders, Document transformers,
Text embedding models, Vector stores M Retrievers, LangChain £{#EiER=E

RAYEANEZRANEN .4 Fi7,
ViR SORBRAER

i%ﬂﬂﬁ OO 0502..01,09
11,04 .14, 589 ﬁﬂgﬁﬂ%iﬁﬁ

-«

—
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JOOOOOO00OMKK

KOO0 MO0 0.207.. 21,12

XOCOC000000E RHOKHIOK R
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SOOI 55 -0.7 ...08, 23
21,01 .. -1.7,09

1.4: LangChainZUEiERE A HELE 14



BN FRKIESEREESN T — L ERES, BNTEINSRNER, TaeE

TS KESEEGH(THER (Chain) @&, LangChain ik "5t RIFR

T Chain ¥z

E—NE—R, ERIONERER. fiR0, ATLAGIE—NE, BEWEFBIAN, EF
PromptTemplate JSSEHI TRV, ARBBRIVUERRRAEBRE NESIRE.

, FRZEOENEIFEER, otk M EtEaE—ik, €

from langchain.chat_models import ChatOpenAI
from langchain.prompts.chat import (
ChatPromptTemplate,
HumanMessagePromptTemplate,
)
human message prompt = HumanMessagePromptTemplate(
prompt=PromptTemplate(
template="What is a good name for a company that makes {product}?",
input_variables=["product"],
)
)
chat_prompt_template = ChatPromptTemplate.from_messages([human_message_prompt])
chat = ChatOpenAI(temperature=0.9)
chain = LLMChain(llm=chat, prompt=chat_prompt_template)

print(chain.run("colorful socks")) 15




M LangChain {EZ#ZUMER--1812

ZHRNESHERENBEERMELINERFRE. MiEH— XN 26805
%I FISE 2R IEPRER. WTFERFERKR, REMPNIEKESEBERGIN)
—E I EBIER. fELangChain 1, XMEEFET AR BERRIBENHFR A “ieig”
(Memory) . LangChain IB{ZIERIVEAEZRIUE1.5 . ICICRAFESZT
AN ERERE: ZIANEA. 87MREEMRBEMAEN TZORITEE, HEP—2H
NEERKBERRF, B Elﬁﬁ‘ﬁi@)\_ﬂx;l%ﬁ--ﬂ .
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BiEld (Agent) HYORBEEEFERAXESEERIGEENTHI—RIIZE. EHaE

RETRRNESRESIFIIREGS, EERENFEFS, SLRBIMCREANITN.
+ Agent: RET—HIREUT AR, HAESERMIRRAIR. RNITISESEEA

ME (BEITEELEMSIVMERN) |\ eSS ETX (GEITREERTEMINESSE
BNEZ FTIER)  BURKEFAIHEIERRIRR R,

- Tools: FeEMNERRIRE. XEERIBEENZRAR, —/IEEMEHIERITRIDEINR;

— ERNERARER ISR T A,

- Toolkits: —HETE—EERALIGTHESEISHIESS, BEEAEINEG L, BE—IES

8983 ~ 541IE,

- AgentExecutor: FEEFRIEITEE, XEXLIRARERNHRITETERIENED . BRT

AgentExecutor 25, LangChain A iFEMEREzT=A], ®iEPlan-and-execute Agent,
Baby AGI, Auto GPT &,
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FMASRIATRRIARFWA, FEHIn NERLT

agent_chain.run(input="whats the weather like in pomfret?")

> Entering new AgentExecutor chain...
{
"action": "Current Search",
"actilon_input": "weather in pomfret"
X
Observation: Cloudy with showers. Low around 55F. Winds S at 5 to 10 mph.
Chance of rain 60%. Humidity767%.

Thought: {
"action": "Final Answer",
"action_input": "Cloudy with showers. Low around 55F. Winds S at 5 to 10 mph.
Chance of rain 607%. Humidity76%."
&

> Finished chain.

'Cloudy with showers. Low around 55F. Winds S at 5 to 10 mph. Chance of rain 60j.

Humidity76%. '
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LangChain 127 [ElF (Callback) &%, AFEZERIXNIESHREN

JFERFVE

fER. XX FHBFIER. BiE. ANGENEMESWIBIFEE A
APl FiEHEBcallbacks& 5ZLT|§ﬂm¢5=a1ﬁF CallbackHand

CallbackHandler #ARINSR, S1MFEEEPRILABET— 1 GAT M.
iJ, CallbackManager =13 J‘EF\_\ZE_#FJEEXJT“ RN ERFE.

. BTLAE ﬂ%

lers 23
=E-Lasiq:s3

verbose Z&{7E APl FURZ# 395 (Chains, Models, Tools, Agents &) H#f

o FHEMIERZ =%, Wl LLMChain(verbose=True),
ConsoleCallbackHandler {£iB512X 5 REEFXI8:AY callbacks
EIHAEEBH, BACSBRESEHERIAETHE.

CERTFH
B4, X
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KNIESERESAR LRIFERISRSMEHNSMER, BERTHEHARRETESE
B RAELMES HIUENRESH TR, FEst AR EFRRNE, KES
RAMREE LRI A VBRI TFS), @idlangChain 1822, NeJLABRUHEE
BAMATRERT S KIESREAIFIRIGIEREE

HFLangChain PUAIRERIZERFGEZRMNE.6 fim. FIREDERFNTERE
FTEGSUTINZE:

(1) WS ARREENIE AR, XSRS A ROt S E B = ST K.

(2) XEMREEPAIAEEIEIER T AR A D &, BFITALR,

(3) FEHRNOEFMERSH T ARIBRAER, HFEEEEEEHTRE.

(4) HRIEAPBANEENBRATR, BEAEMEERREIIREFANNARR, BiRRAERS
FAP RSB R S B S HHM A KB SHEaY,

(5) BAIESERIERRELSEF.
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from langchain.document_loaders import DirectoryLoader
from langchain.embeddings.openai import OpenAIEmbeddings
from langchain.text_splitter import CharacterTextSplitter

from langchain.vectorstores import Chroma

from langchain.chlpins import ChatVectorDBChain, ConversationalRetrievalChain

from langchain.chat_models import ChatOpenAl

from langchain.chains import RetrievalQA

# WA EBUE X $UE
loader = DirectoryLoader(

'./Langchain/KnowledgeBase/', glob='#x*/*.pdf', show_progress=True
)

docs = loader.load()

# KX FpATHE
text_splitter = CharacterTextSplitter(

chunk_size=1000,

chunk_overlap=0
)

docs_split = text_splitter.split_documents(docs)

# 44 {.OpenAl Embeddings
embeddings = OpenAIEmbeddings()

# 448 7 N\ Chroma [f] & 7%
vector_store = Chroma.from_documents(docs, embeddings)
# W ER, EANEFH

retriever = vector_store.as_retriever()

system_template = """

Use the following pieces of context to answer the users question.

If you don't know the answer, just say that you don't know, don't try to make up an answer.

Answering these questions in Chinese.|

{chat_history}

22
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# MR H BT
messages = [
SystemMessagePromptTemplate.from_template(system_template),

HumanMessagePromptTemplate.from_template('{question}')

# %)% Prompt*f &

prompt = ChatPromptTemplate.from_messages(messages)

# M NAESHA, £ fOpenAl API
11lm=ChatOpenAI(temperature=0.1, max_tokens=2048)

# AR i

qa = ConversationalRetrievalChain.from_11lm(1llm,retriever,condense_question_prompt=prompt)

chat_history = []
while True:
question = input(' [E&: ')
# Jfia R 2% ¥ @chat_history y o MS K, ATH6EH ZHE
result = qa({'question': question, 'chat_history': chat_history})
chat_history.append((question, result['answer']))

print(result['answer'])

23
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